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container ship motor scooter

mite container ship motor scooter leo
black widow lifeboat go-kart Jaguar
cockroach amphibian moped cheetah

tick fireboat bumper car snow leopard
starfish drilling platform golfcart Egyptian cat

Krizhevsky, A., Sutskever, I., & Hinton, G. E. (n.d.). ImageNet (a) image

Classification with Deep Convolutional Neural Networks.
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https://en.wikipedia.org/wiki/DeepL_Translator

(c) instance segmentation (d) panoptic segmentation

Kirillov, A., He, K., Girshick, R., Rother, C., & Dollar, P. (n.d.). Panoptic
Segmentation.
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Sigmoid Function
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https://jp.mathworks.com/discovery/convolutional-neural-network-matlab.html?ref=blog.paperspace.com
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https://www.cs.toronto.edu/~kriz/cifar.html

The CIFAR-10 dataset
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import torch

import torchvisior
from torchvision.c
from torch.utils.c
import torch.nn as
import torch.optin
import torch.nn. fu

import os

import matplot!ib.
import matplotl|ib.
import seaborn as
import numpy as ng
import pandas as F
from sklearn.model
from sklearn.metr
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# GPUDMER DD DHED
device = 'cuda' if torch.cuda.is_available() else 'cpu'
print(device)
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VerticalFlip HorizontalFlip

Original Default Augmentation qur_Iimit=(1, 20) qur_Iimit=(16, 16)
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